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Figure 5.1
Effect heterogeneity across past purchases

segments. Specifically, they investigate how the average impact of the coupon interven-
tion depends on customers’ age, income, family size, and precampaign expenditures. One
finding is that the impact is more pronounced among customers who made either no or
rather large purchases in the period prior to the campaign. This is illustrated in figure 5.1,
which depicts the average impacts across different customer groups defined in terms of
past purchases, with dots representing the impact estimates and bands representing the 95%
confidence intervals.
Finally, CML enables us to go beyond just identifying varying responses to marketing

interventions across customer segments. Under certain conditions, CML also allows us
to optimize the targeting strategy across customer segments in terms of which segments
should or should not receive the intervention, such as discounts, possibly also taking costs
into account. By learning the optimal policy that balances the impact and the costs of the
intervention, we can maximize the net benefits of the marketing campaign. This means
that companies can learn to more efficiently allocate their resources and achieve better
results with their marketing efforts. For instance, Langen and Huber (2023) apply an opti-
mal policy learning algorithm to detect customer groups that should be targeted optimally
by coupon campaigns in such a way that the overall purchases by customers are maximized.
Based on data-driven customer segmentation, the results suggest that the optimal targeting
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